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Discriminant Analysis for Classifying Imbalance Data:
A Case Study of Diabetes Risk Group
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Abstract

The purpose of this research is to
compare the classification performance
among parametric discriminant analysis and
nonparametric discriminant analysis in three-
group classification, imbalance in each group.
The data is Diabetes Risk Group, nor multivariate
normality and neither the groupin the data nor
the covariance matrices of the three groups
were equal. The data have made 50 bootstrap
samples, to analyze classification method
that consists of parametric discriminant
analysis,which linear discriminant function and
quadratic discriminant function. And k - nearest
neighbor when k=3, 4, 5 in the nonparametric
discriminant analysis. The prior probability was
proportional. Using the Error Rate performance
in comparison to classify that 50 bootstrap
samples, k - nearest neighbor will provide the
error rate in the classification minimum when
k=3, 4. And determining the prior probability
0.90 : 0.05 : 0.05 %38 0.80 : 0.10 : 0.10. To keep

the error rate in the classification minimum.

Keywords: Parametric Discriminant Analysis,
Nonparametric Discriminant Analysis, Diabetes,

Error Rate
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