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Class Attendance and Graduation Data Analytic with
Data Mining Technique: Case Study of The Far Eastern University

f92qn) 29E"

'A191ITIABNAUADTGINA ANIZUTUIFFINA NMINLNAENTRAND Y
a7 120 ouuNing e uNaLley a9udaies lual 20100

UNARER
ummwﬁﬁﬁLmu@miﬁﬁmﬂ@ﬁgﬂﬁmLﬁuifﬂ’luizuuﬁmmimmumﬂmmuuﬁ‘mmzﬁ”ﬂ
udised TnztesiAaninisimnsideyadasianimmaniiecdayanndszgndldiiien
Andusre s sdduGauiunisdnianisinmseinAneamang fev Faame sy
w2 nezuauniauan liun 1) niswisaudayanaunisilszunananiunszuasunisAnnsasdaya
nssandaya nshedeya waznisutlasdayalfivunzas 2) MamneadRTUE Tz adnduGey

AunisdFanisAndnemABANIIMINgANANTUE

ANFNATY

wilastays dayganisddanisinen dayasdiunisdnm

Abstract

This article represents how to transform data stored in the university information system
into good use. We apply a data mining technique to class attendance and graduation of
The Far Eastern University students’ data. This is to discover association rules between them through
2 main processes: 1) Data pre-processing with data cleaning, data integration, data selection and
data transformation, 2) Data association discovery between class attendance and graduation of

students.
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5101031047 TRUE 213 140 109 112
5101031701 FALSE 31 57 0 0
5101033001 TRUE 373 68 0 7
5101033002 FALSE 9 75 0 0
5101033003 TRUE 381 65 1 1
5101033014 FALSE 7 77 0 0
5101033015 TRUE 318 123 4 3
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Graduated Attend Absent Late Leave
FALSE very low very high very low very low
FALSE very low very high very low very low
FALSE medium medium very low very low
FALSE very low very high very low very low
FALSE high low very low very low
TRUE high low very low very low
TRUE high low very low very low




NsaNSIBINMSUMINENaeWISdalinosu ‘ ‘ ‘
U0 11 auN 1 WnAN 2560 - HwiAN 2560 53

NMSASNHANNANAUS
fayaniinnldlunisaiangronuduiusilszneudedeyanisdnianisdnwuazdna
nsdnduEauaeainAnsdounds 5 1 (W.A. 2551- W.A. 2555) A1UIU 4,769 gadaya Nan1sa¥s

NNANNANAUTLAAI IR 5

15199 5

ngANNANTUENLAAINN1sTiAszidaya

al

No. LHS Symbol RHS Confidence | Lift

1 | Graduated=TRUE ==> Absent=very low 0.99 2.60

Attend=very high

2 | Attend=very high ==> Absent=very low 0.99 2.59
3 | Absent=very high ==> Attend=very low 0.98 5.57
4 | Graduated=FALSE ==> Attend=very low 0.98 5.57

Absent=very high

5 | Absent=very high ==> Graduated=FALSE 0.98 1.83

6 | Attend=very low ==> Graduated=FALSE 0.98 1.83

Absent=very high

7 | Attend=very low ==> Graduated=FALSE 0.98 1.83

8 | Graduated=FALSE ==> Absent=very high 0.97 5.58

Attend=very low

9 | Absent=very high ==> Graduated=FALSE 0.96 5.58

Attend=very low

10 | Attend=very low ==> Absent=very high 0.96 5.57

11 | Attend=very low ==> Graduated=FALSE 0.94 5.57

Absent=very high

12 | Absent=medium ==> Attend=medium 0.90 6.05

13 | Graduated=TRUE Absent=low ==> Attend=high 0.90 3.46
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