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Abstract  
In this study factors were explored that influenced behavioral intention and adoption of mobile 

banking by bank customers in Myanmar. The model used adapted factors from the extended Unified 
Theory of Acceptance and Use of Technology, along with perceived risk. A structured questionnaire 
was used to collect data using purposive sampling. Four hundred and six valid responses received from 
mobile banking customers were analyzed using a structural equation model. The results showed a 
positive and significant relationship between behavioral intention and performance expectancy, 
hedonic motivation, and habit. The effect of behavioral intention on use behavior was also significant, 
while the relationships between behavioral intention and effort expectancy, facilitating conditions, 
social influence, price value, and perceived risk were not significant. The results suggested applicable 
guidelines for banks to effectively implement and design mobile banking in Myanmar.  
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Introduction  

The banking industry has been revolutionized by advancements in telecommunication and 
information technology. Banks were forced to provide and advance self-service banking applications 
to mobile devices with their increase use and the availability of high-speed Internet-enabled mobile 
phones, smartphones, and tablets, which are multifunctional, sophisticated, and linked to fast and 
reliable communication networks. According to Poushter (2016), business growth based on the mobile 
sector has increased considerably worldwide, especially in emerging countries.  

Due to the increased usage of the Internet with mobile devices, especially in many emerging 
countries, it provided an excellent opportunity to develop mobile banking in financial markets. In 
Myanmar, a developing country, Internet usage with mobile devices has increased considerably in 
recent years (GSMA, 2019). More than 70% of the population in Myanmar has access to the mobile 
Internet (Holm & Karlsson, 2019), and 80% of the population have mobile phones and smartphones 
(Charles, 2019). However, according to Charles (2019) and Zainudeen and Galpaya (2015), only 23% 
of the adult population have bank accounts, and only a few use banking services. In other words, cash 
is still the primary tool of exchange in Myanmar. According to Breen (2020), banks are trying to seize 
opportunities presented by mobile technology to provide new services.  

Mobile banking resulted from the activities of financial institutions' integrating technological 
innovation with their information systems. Mobile banking systems provide customer value in terms 
of time and place accessibility (Lin, 2011; Chong, 2013). Ensor et al. (2012) argued that mobile banking 
was considered a valuable channel for delivering financial information to customers, making it easier 
to check account balances and transfer funds to and from accounts irrespective of their location. 

Although mobile penetration has been gaining momentum and most banks offer mobile banking, 
there is still low familiarity and poor understanding of mobile banking among Myanmar users (Thar et 
al., 2017). Therefore, it was desirable to do exploratory research to understand the adoption levels of 
mobile banking and users' attitudes toward it in Myanmar (Holm & Karlsson, 2019). A few studies have 
adapted the Unified Theory of Acceptance and Use of Technology (UTAUT) model to explore the 
acceptance level of mobile banking users and the antecedents of their behavioral intention to use. In 
this research the objectives were to gain an overview of the attitude toward and usage of mobile 
banking in Myanmar. The specific objectives of this study were to investigate the factors influencing 
behavioral intention and the effect of behavioral intention on use behavior. The aim was to examine 
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whether the seven factors of the extended UTAUT model (UTAUT2) positively impacted behavioral 
intention to use, and to know whether perceived risk had a negative impact on behavioral intention 
to use. An understanding was sought concerning the relationship between behavioral intention to use 
and use behavior of mobile banking users. Therefore, the UTAUT2 was applied, which included 
assessing the perceived risk. Such an approach was bound to contribute to the technology adoption 
literature regarding mobile banking in a developing country.   
 
Literature Review 

There are various theoretical models to examine the adoption process and usage characteristics 
of technology. Among them, the UTAUT represents a framework developed by Venkatesh et al. (2003). 
This model was applied to predict technology acceptance levels in organizational systems. Moreover, 
the model was based on unifying the primary eight elements used in previous models, ranging from 
human behavior to computer science. The UTAUT approach considered four main factors that 
influenced behavioral intention and usage of information technology, according to Venkatesh et al. 
(2003). The four main factors were performance expectancy, effort expectancy, facilitating conditions, 
and social influence.  

Venkatesh et al. (2012) defined performance expectancy as "the level of benefits that technology 
usage provided to the consumer in functioning some activities." Consumers tended to accept 
technology if they perceived that the technology was useful and supportive (Alalwan et al., 2016). 
From the customers' perspectives, effort expectancy was defined as "the extent of easiness that 
consumers experience while using a particular kind of technology" (Venkatesh et al., 2012). Since 
particular skill and knowledge levels are needed to apply a new technology, effort expectancy was 
bound to affect customers' adoption conditions for mobile technology (Alalwan et al. 2016).  

A facilitating condition was defined as "the level of consumers' perception of availability for inputs 
and supported activities to behave in a certain way" (Venkatesh et al., 2012). Facilitating conditions 
were recognized as significant during the adaption of a new technology due to the requirement of a 
certain kind of support associated with technological matters and organizational actions (Alalwan et 
al., 2016). Social influence is thought of as "the degree of consumers' perception of which important 
person in their environment thinks they should apply a certain technology" (Venkatesh et al., 2012). 
Social influence can be a critical determinant affecting users' intentions to use new technology, since 
information and recommendations received from others can be significant (Alalwan et al., 2016).  

The UTAUT approach was extended by Venkatesh et al. (2012) from the consumer perspective on 
technology by adding three factors, namely, hedonic motivation, price value, and habit. This extended 
form of UTAUT was called UTAUT2. The hedonic motivation was "the enjoyment or happiness resulted 
from usage of a certain technology,” according to Venkatesh et al. (2012). It was focused on an intrinsic 
part of the motivation in customer technology rather than the extrinsic part of motivation from an 
organizational perspective (Tamilmani et al., 2019). According to Zhang et al., (2012), the more 
enjoyment users perceived, the greater the adoption level seen for a new technology. From an 
information system perspective, habit was referred to as the level at which people were eager to act 
voluntarily due to prior learning (Limayem et al., 2007). Past behavior with technology could affect 
present actions with related technology (Ajzen, 2002). Price value was "the trade-off condition caused 
due to the variance between benefits and monetary cost" (Venkatesh et al., 2012). These authors also 
argued that price was usually an essential factor in the consumer context, since the user had to bear 
the costs associated with adopting the technology. 

The UTAUT adoption studies, completed in the context of m-commerce, m-banking, and m-
payment, have extended the core model with relationships adopted from other models or studies. 
Moreover, three constructs–namely perceived risk, trust, and perceived financial cost–were not 
derived from the core model. However, each has gained significant support for its impact on 
behavioral intention in m-commerce, m-banking, and m-payment contexts (Slade et al., 2014). As m-
banking involves the transfer of money electronically, perceived risk is highly relevant to the context, 
and hence this construct was proposed as an extension to UTAUT2.  
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Hypothesis Development  
From the marketing aspect, using a single model to examine the conditions of adopting 

information technology has been assumed, and is difficult to explain (Madan & Yadav, 2016). 
Therefore, the current study applied the UTAUT2 model by extending it, with perceived risk as a new 
variable, in order to understand better the mobile banking system's features. The conceptual 
framework used in the present study is shown in Figure 1.  

 

Figure 1 Conceptual Framework 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

Performance Expectancy and Behavioral Intention to Use 
Performance expectancy was one of the significant, influential factors encountered in the 

adoption process of technology, according to Venkatesh et al. (2003). Although performance 
expectancy was not a predictor for behavioral intention to use in previous research done by Kwateng 
et al. (2019), it had a positive impact on behavior intention in several contexts, including mobile 
banking (Savic & Pesterac, 2019), mobile applications (Tak & Panwar, 2017; Gupta et al., 2018; Palau-
Saumell et al., 2019), electronic payments (Indrawati & Putri, 2018), and mobile payments (Lee et al., 
2019). Therefore, the following hypothesis was proposed: 

 

H1: Performance expectancy positively influences behavioral intention to use. 
 

Effort Expectancy and Behavioral Intention to Use 
When users recognize that technology is easy to use, they are more eager to apply this technology, 

according to Lin (2011). Although effort expectancy did not affect behavioral intention to use in some 
studies (Kang et al., 2015; Alalwan et al., 2017), it was the significant determinant of behavioral 
intentions in different mobile contexts, ranging from mobile banking (Savic & Pesterac, 2019) to 
mobile applications (Tak & Panwar, 2017; Palau-Saumell et al., 2019). Therefore, the following 
hypothesis was made: 

 

H2: Effort expectancy positively influences behavioral intention to use. 
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Facilitating Conditions and Behavioral Intention to Use 
Facilitating conditions are crucial in the adoption process of technology, according to Venkatesh 

et al. (2003). Although facilitating conditions did not affect behavioral intention to use in some 
previous researches (Kwateng et al., 2019; Lee et al., 2019), they had a strong relationship with 
behavioral intentions (Tak & Panwar, 2017; Cai et al., 2019; Palau-Saumell et al., 2019; Savic & 
Pesterac, 2019). Therefore, the following hypothesis was generated: 

 

H3: Facilitating conditions positively influences behavioral intention to use. 
 

Social Influence and Behavioral Intention to Use 
Social influence has been assumed to be a primary factor in exploring the adoption process of 

technology, according to Venkatesh et al. (2003). Indeed, it was found to be a crucial factor in 
predicting behavioral intentions (Fajar et al., 2018; Gupta et al., 2018; Moorthy et al., 2019; Piarna et 
al., 2020). In some studies, social influence did not affect behavioral intention to use (Baptista & 
Oliveira, 2015; Kwateng et al., 2019). However, it had a significant relationship with behavioral 
intention to use in the mobile banking context (Alalwan et al., 2017; Lee et al., 2019) and e-banking 
context (Ghalandari, 2012). Therefore, the following hypothesis was made:  

  

H4: Social influence positively influences behavioral intention to use. 
 

Hedonic Motivation and Behavioral Intention to Use 
According to Venkatesh et al. (2012), hedonic motivation refers to perceived fun or enjoyment 

resulting from mobile technology usage. If users gained enjoyment from mobile phone usage, they 
tended to use their mobile phones more (Park & Lee, 2011). The mobile phone has been assumed as 
an entertainment device for some users, so that hedonic motivation can be seen as critical in adopting 
mobile banking technology (Merhi et al., 2019). Some researchers have shown that hedonic 
motivation was strongly related to behavioral intention (Phang et al., 2018; Moorthy et al., 2019; Putra 
et al., 2019). Although hedonic motivation does not always affect behavioral intention to use (Kwateng 
et al., 2019; Merhi et al., 2019), it was a critical factor affecting behavioral intention to use in the 
mobile banking context (Alalwan et al., 2017; Raza et al., 2019). Therefore, it was hypothesized that:  

 

H5: Hedonic motivation positively influences behavioral intention to use. 
 

Habit and Behavioral Intention to Use  
Venkatesh et al. (2012) described habit as a significant factor that could predict behavioral 

intention and usage of technology. Although habit does not always affect behavioral intention to use 
in technology users (Shaw & Sergueeva, 2019), it has been accepted widely as being a strong predictor 
of behavioral intentions across various contexts, including mobile learning (Moorthy et al., 2019), 
mobile wallet (Indrawati & Putri, 2018), and mobile applications (Gupta et al., 2018; Khurana & Jain, 
2019). Therefore, the following hypothesis was proposed: 

 

H6: Habit positively influences behavioral intention to use. 
 

Price value and Behavioral Intention to Use 
To complement UTAUT's primary resource considerations, Venkatesh et al. (2012) applied price 

value as a financial matter. They defined price value as a consumer's perception of the discrepancy 
between the received benefits and cost of the money used. Although price value did not affect 
behavioral intention to use by technology users in some previous researches (Baptista & Oliveira, 
2015; Alalwan et al., 2017), it may have a positive relationship with behavioral intentions in several 
contexts, including mobile applications (Khurana & Jain, 2019; Hungilo et al., 2020) and mobile wallet 
(Indrawati & Putri, 2018). Therefore, the following hypothesis was made: 

 

H7: Price value positively influences behavioral intention to use. 
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Perceived Risk and Behavioral Intention to Use 
The consequence of feelings of uncertainty and anxiety are known as perceived risk from the 

customer’s perspective. These feelings are concerned with the behavior and the seriousness of 
possible outcomes of the behavior. Perceived risk is related to the consumer's concerns about finance, 
relationship, and product features while conducting a particular online transaction (Forsythe & Shi, 
2003). Many previous researchers have pointed out a significant and negative relationship between 
perceived risk and behavioral intention in the mobile application context (Gupta et al., 2018; Khurana 
& Jain, 2019; Piarna et al., 2020). Therefore, it was hypothesized that:  

 

H8: Perceived risk negatively influences behavioral intention to use. 
 

Behavioral Intention to Use and Use Behavior 
Behavioral intention was the extent of the likelihood of conducting something rather than 

examining actual behavioral conditions (Wu & Wang, 2005). Earlier researchers found that behavioral 
intention was positively related with use behavior in several contexts, including mobile applications 
(Gupta et al., 2018), the banking industry (Putra et al., 2019), and online shopping (Piarna et al., 2020). 
Therefore, the following hypothesis was made: 

  

H9: Behavioral intention to use influences use behavior positively. 
 

Research Methodology 
A structured questionnaire was used in this study to examine the proposed hypotheses. The 

questionnaire was divided into two sections. The first part of the questionnaire included questions 
about the demographic details of respondents. The second part consisted of 55 questions that were 
answered using a five-point Likert scale about the primary constructs involved in this study's proposed 
model. The survey instrument was adapted from Venkatesh et al. (2003, 2012), Escobar-Rodríguez et 
al. (2014), Featherman and Pavlou (2003), Alam et al., (2018), Kim et al. (2009), Goodhue and 
Thompson (1995), and Zhou et al. (2010).  

Before a pilot test was conducted, the questionnaire was translated from English to Myanmar 
using the back-translation method. A pilot test collected data from 30 respondents. Reliability and 
Exploratory Factor Analysis (EFA) were applied as a preliminary analysis of the pilot test. According to 
the pilot test results, the final questionnaire was updated for primary data collection by making some 
adjustments. The population of the study consisted of online users who utilized mobile banking 
applications and was assumed to be 40 million—the number of online users in Myanmar in 2019, 
according to Charles (2019). The sample selected for the study involved online users who had used 
mobile banking applications supported by three big banks, namely, KBZ bank, AYA bank, and CB bank 
from two cities (Yangon and Mandalay). The target respondents were selected using a purposive 
sampling method. Mobile banking users (450) were selected from Yangon and Mandalay who had at 
least six months of mobile banking usage experience and had made at least one transaction, such as 
an account transfer, mobile top-up, etc. with the mobile banking application during the past month. 
They were asked to complete a structured online survey administered during March and April 2020. 
A total of 406 usable and valid responses were received after screening out incomplete and invalid 
responses. Confirmatory Factor Analysis (CFA) was applied to test the instrument’s convergent validity 
and reliability, and Structural Equation Modeling (SEM) was applied to test the theoretical model and 
the hypotheses. 
 
Results 

The demographic data indicated that a majority of the respondents were female (50.2%), the age 
group between 26 and 30 accounted for 23.6%, and private sector employees for 29.8%. Most of the 
respondents (43.8%) had one to three years of experience using mobile banking. Furthermore, 54.7% 
of respondents were university graduates, and 53.4% had been using KBZ’s mobile banking rather than 
other banks' mobile banking.  
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Composite Reliability (CR), the Average Variance Extracted (AVE), and Maximum Shared Variance 
(MSV) were calculated in order to evaluate the reliability of the measurement model. The composite 
reliabilities, ranging from .74 to .97, were above the cutoff level of .70 (Hair et al., 2010). The average 
variance extracted values of the factors, except facilitating conditions, were higher than .50, which 
were above the cutoff level of .50 (Hair et al., 2010). The average variance extracted for the facilitating 
conditions was .49. However, this value could be applied because Fornell and Larcker (1981) argued 
that if the AVE is less than .50, but composite reliability is higher than .60, the convergent validity of 
the construct is still high enough to be used. As shown in Table 1, since the maximum shared variance 
value was less than the average variance extracted, this established the discriminant validity among 
the variables of the study (Hair et al., 2010). For testing scale reliability, Cronbach's Alpha was applied. 
In the main study, the values of Cronbach's Alpha of all the constructs were above .70, ranging from 
.79 to .89, which is considered as outstanding reliability (Zikmund et al., 2010). These results are 
illustrated in Table 1. 

 
Table 1 Confirmatory Factor Analysis of Model  

Constructs  CR AVE MSV 
Cronbach's 

Alpha 

Performance Expectancy (PE) .89 .54 .19 .83 

Effort Expectancy (EE) .90 .75 .34 .86 

Social Influence (SI) .86 .61 .24 .83 

Facilitating Conditions (FC) .74 .49 .26 .88 

Hedonic Motivation (HM) .88 .71 .30 .83 

Price Value (PV) .86 .68 .41 .84 

Habit (HA) .80 .57 .41 .79 

Perceived Risk (PR) .97 .92 .10 .87 

Behavioral Intention to Use (IU) .86 .59 .01 .83 

Use Behavior (UB) .85 .54 .37 .89 

 
To examine the discriminant validity of the study, the data were analyzed by calculating the overall 

correlation between the constructs and the square root of AVE, which should exceed the correlations 
between each construct and all other constructs. The results in Table 2 show that the overall 
correlations among the variables were stable, and the analysis of the square root of AVE confirms a 
satisfactory discriminant validity.  
 
Table 2 Discriminant Validity and Correlations 

Constructs PE EE SI FC HM PV HA PR IU UB 

PE .87                  

EE .49 .78                

SI .22 .29 .70              

FC .33 .45 .51 .84            

HM .42 .47 .47 .48 .82          

PV .31 .41 .41 .55 .64 .76        

HA .22 .25 .27 .31 .27 .32 .96      

PR -.10 -.10 .05 .02 -.07 .01 .05 .77    

IU .58 .45 .22 .36 .61 .43 .30 -.12 .73  

UB .41 .34 .23 .36 .33 .38 .15 -.03 .43 .73 
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In this study, the UTAUT2 model, extended with perceived risk, allowed eight factors to be 
examined; these were measured using 43 measurement items. However, in the final CFA model of the 
extended UTAUT2, some items were removed to improve model-fit indices. This meant that 27 items 
remained to meet the Goodness-of-Fit Index (GFI) of .91. Behavioral intention to use was measured 
using five measurement items. The final CFA model for behavioral intention retained all items of 
behavioral intention after obtaining a GFI that was over .90. The use behavior factor was measured 
using seven measurement items. The final CFA model for use behavior retained seven items without 
reducing them after getting a GFI of over .90. In structural modeling (SEM), firstly, dependent and 
independent variables were measured using 39 measurement items. However, some items were 
removed to improve model fit-indices; 30 items were left. The GFI was .89 (Figure 2). This GFI did not 
exceed the recommended cutoff (Hooper et al., 2008). However, it still had the required level because 
Baumgartner and Homburg (1996) and Doll et al. (1994) described that a value was tolerable if the GFI 
was above .83. Fit indices of CFA of all variables and SEM are shown in Table 3. 
 
Table 3 CFA Fit Indices for UTAUT2 with Perceived Risk, Behavioral Intention, Use Behavior, and SEM 

Item 
CMIN 

(χ2) 
Degrees of 

Freedom (df) 
Probability 

Level 
Χ2/df GFI NNFI CFI RMSEA 

Purchase 
   Behavior 28.60 10 .001 2.86 .98 .98 .99 .07 

Behavioral 
  Intention 
  to Use 

0.27 1 .605 0.27 1.00 1.00 1.00 .00 

Extended 
   UTAUT2 590.23 276 .000 2.14 .91 .93 .94 .05 

SEM 792.77 353 .000 2.25 .89 .91 .93 .06 

Fit Criteria - - - ≤ 3.00 ≥ .90 ≥ .90 ≥ .90 ≤ .08 

 
Results of hypotheses testing are presented in Table 4, with factors considered according to SEM 

output. In Table 4, acceptance is indicated for four hypothesized relationships, and five were rejected. 
The relationship between behavioral intention and performance expectancy was significant (p < .000), 
thus supporting H1. This means that performance expectancy positively impacted behavioral 
intention. The relationship between behavioral intention and hedonic motivation was also significant 
(p < .001), supporting H5. This means that hedonic motivation had a positive impact on behavioral 
intention. The relationship between behavioral intention and habit was significant (p < .001), thus 
supporting H7. Habit had a positive impact on behavioral intention.  
 
Table 4 Hypothesis Testing  

Path 
Commences 

Path 
Ends 

Hypothesis Beta(β) p CR (t-value) Supported 

PE BI H1 0.44 .000*** 6.48 YES 
EE BI H2 0.09 .181 1.34 NO 
SI  BI H3 -0.11 .112 -1.59 NO 
FC  BI H4 0.01 .867 0.17 NO 
HM BI H5 0.33 .000*** 3.80 YES 
PV BI H6 0.05 .568 0.57 NO 
HA BI H7 0.10 .011** 2.55 YES 
PR BI H8 -0.01 .580 -0.55 NO 
IU UB H9 0.46 .000*** 7.41 YES 

Note. *** p < .001, ** p < .01; PE = Performance Expectancy, EF = Effort Expectancy, SI = Social Influence, FC = 
Facilitating Conditions, HM = Hedonic Motivation, PV = Price Value, HA = Habit, PR = Perceived Risk, IU = 
Behavioral Intention to Use, and UB = Use Behavior 
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However, the following factors had no influence on behavioral intention to use mobile banking—
effort expectancy (p > .05), social influence (p > .05), facilitating condition (p > .05), price value (p > 
.05), and perceived risk (p > .05). Therefore, hypotheses H2, H3, H4, H6, and H8, were not accepted. 
Finally, the relationship between behavioral intention and use behavior was significant (p < .001), 
supporting H9. Thus, behavioral intention positively impacted use behavior.  

Figure 2 represents the model constructed to illustrate the combined data obtained. 
 
Figure 2 Final Model of SEM 

 
 
Discussion 

Insightful understandings flowed from using the UTAUT2 model with perceived risk to study 
mobile banking adoption in Myanmar. Performance expectancy was the strongest predictor of users’ 
behavioral intention to adopt mobile banking. This result indicated that the respondents found 
benefits from using mobile banking in that it increased efficiency in performing their banking activities. 
This finding was consistent with previous research that the level of performance expectancy 
influenced the behavioral intention to use (Fajar et al., 2018; Gupta et al., 2018; Indrawati & Putri, 
2018). Hedonic motivation was also a necessary antecedent to predict the behavioral intention to use 
mobile banking. This finding was in line with previous papers indicating that the level of hedonic 
motivation positively impacted intention to use (Megadewandanu et al., 2016; Indrawati & Firda, 
2019; Putra et al., 2019). The present study indicated that customer tendency to use mobile banking 
was significantly affected by a customer’s habits. This finding is also consistent with previous studies 
(Megadewandanu et al., 2016; Moorthy et al., 2019; Piarna et al., 2020).  

Further, no significant relationship was found between five factors, namely, effort expectancy, 
facilitating conditions, social influence, price value and perceived risk, and the behavioral intention to 
use mobile devices. These findings were in line with those of some previous papers (Megadewandanu 
et al., 2016; Cai et al., 2019; Indrawati & Firda, 2019; Lee et al., 2019; Piarna et al., 2020), but differed 
from the findings of some researchers (Ghalandari, 2012; Zhang et al., 2012; Owusu et al., 2019). The 
results obtained may have occurred for several reasons, such as intricate application design and 
navigation, and unstable network conditions. Another reason may be that users were early adaptors; 
fees were being charged for most mobile banking transactions, such as account transfers or cashless 
withdrawals from ATMs, so they were not free.  

Many studies have supported the idea that behavioral intention has an impact on use behavior in 
the banking sector. However, some researchers have argued that behavioral intention has no direct 
effect on use behavior. In this study, behavioral intention represented a predictor of use behavior of 
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banking customers. This finding was in line with previous research in the banking sector (Putra et al., 
2019; Raza et al., 2019), indicating that behavioral intention positively impacted use behavior. 
 
Theoretical Contribution and Managerial Contribution 

The study findings contribute to the literature examining mobile banking technology use in a 
developing country with an emerging market context. Specific distinctions dealing with mobile 
banking technology usage have not received sufficient attention in context of an emerging country. In 
contrast, technology adoption has been studied somewhat extensively in developing countries. 
Moreover, this paper extends the theorized technology adoption model proposed by Venkatesh et al. 
(2012) by integrating perceived risk as an independent variable, which is crucial to examining the case 
of online transactions. From a consumer behavior perspective, the study also contributes to 
theoretical understandings by exploring technological acceptance conditions and intention to use 
mobile banking in an emerging country. The study may also contribute to the literature that further 
explores technological acceptance models for mobile banking and mobile payments from a financial 
perspective.  

In the context of mobile banking, this study confirmed that performance expectancy, hedonic 
motivation, and habit were significant predictors of behavioral intention to use mobile banking in 
Myanmar. The results can be beneficial to the banking industry and other stakeholders, such as 
telecom providers and application developers, since these significant factors are concerns to all 
stakeholders in financial markets. According to the findings, banks should make significant benefits 
available to users, such as online transactions for bill payment and interbank transfer. They could also 
make the user experiences enjoyable by delivering exciting activities such as the opportunity to play 
games and participate in lucky draws. Moreover, providing applications so that users adopt mobile 
banking naturally could also be critical. This might be accomplished by adding more value-added 
features such as alerts for a deposit, bill payments due, large purchase and log-in info, and easy-to-
access customer service options.  

 
Limitations and Further Research  

Although the study results were significant in their managerial implications and theoretical 
contributions, there were a few limitations. First, generalization of the findings is limited because the 
study focused on mobile banking users from two cities, Yangon and Mandalay. The respondents' 
perceptions reported in the current study might not represent Myanmar’s population and mobile 
technology users outside of banking. As to the second limitation, it was associated with the data 
collection method. In this study, data were collected by a non-probability sampling method. Lastly, 
this study used the framework of the UTAUT2 model with perceived risk so that the scope of the study 
was limited. There may be other factors that could affect intention to use mobile banking.  

Some recommendations for further research can be made. Future research could expand its scope 
by exploring other mobile technologies, such as mobile applications, mobile games, and social media 
usage. Data might be collected by using probability sampling methods to get detailed insights from 
technology users. More variables, such as perceived trust, security, and service convenience could be 
added to gain a more extensive view of mobile banking users’ intention to use the technology. In 
conclusion, although this research had some limitations, its results highlight some of the benefits for 
Myanmar's mobile banking industry.  
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